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rilizlf(:c,y) = 0.6224(0.0625y,) x 1z, +
1.7781(0.0625y,) z% + 3.1661(0.0625y, )%z, +

19.84(0.0625y,)%z;

s.t. g1(x, y) = 0.0193z; — 0.0625y; < 0,
g2(z, y) = 0.00954x, — 0.0625y, < 0,
gi(x, y) = 750 X 1728 — nxlz, — 4nzl 73 <0,
galx, y) = 2, —240 < 0,
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Table 1 Comparison among the results of various
algorithms in example 1

%  IDCNLP SA MVEP  MIHDE ZE&4%
T 48.380 7 58.290 0 51.1958 48.576 5 42.006 0
x, 111.7449 43.693 0 90.782 1 110.0559 183.047 3
yi 18 18 16 15 13

y2 10 10 10 8 7

g1 -0.1913 -0.0250 -0.0119 (?.0000 -0.001 8
g2 -—0.1634 -0.068 9 -0.136 6 -0.0366 —0.0368
g3y -—75.8750 6.5496 -13584.5631 0.0000 -29169.0801

gs ~—128.2551 -196.3070 -147.2179 -129.9441 -56.9527

f 8048.6190 7197.7 7108.6160 6 370.7035 6 193.778 8
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Table 2 Parameters of simulated procedure

in example 1

45 i K45 PR 5
Tt LA 100 100
ZEFHE 162.018 5 19.365 7
o, 5 0~100  40.554 7~45.209 7 0.954 4
x; Y IH 0~200 173.487 7~211.8041  0.8257
v, L 0~50 13~15 0.960 8
v, TEH 0~50 7~9 0.960 8

Bl 2
min f(z) = sin® &/ I%‘FI%—O.S

[1+0.001(xf + 23) ]
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Fig.1 Three dimensional graph of the

objective function in example 2
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Table 3 Parameters of simulated procedure
in example 2
45 Rif K45 PR & BE
ol LA 100 100
S )42 14.142 1 3.620 3
) L -10~10 —-2.88906~3.166 7 0.738 7
, T -10~10 -1.367 3~2.60 2 0.820 0
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7T P 3 3 48 % B 9 SR A TR) B 10 B R 0 3 B R AL I 45
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A Parallel Evolutionary Algorithm Based
on Space Contraction

Wang Tao, Li Qigiang
( School of Control Science and Engineering, Shandong University, Ji'nan 250061, China)

[Abstract] A novel algorithm which is based on space contraction for solving MINLP problems is proposed.
The algorithm applies fast and effective non-complete evolution to the search for the information of better
solutions, by which locates the possible area of optimal solutions, determines next search space by the
information of elite individuals. The result shows that it is better than other existing evolutionary algorithms in
search efficiency, range of applications, accuracy and robustness of solutions.

[Key words] space contraction;evolutionary algorithms; MINLP



	T00057_00
	T00058_00
	T00059_00
	T00060_00
	T00061_00

