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Method MPIIGaze UT-Multiview
GazeNet [16] 5.5 44

Diff-NN [25] 4.64 4.13
RT-GENE Net [18] 4.8 -

iTracker [4] 5.6 -

Full face [37] 4.8 -

MnistNet [29] 6.1 -

LbS [40] 6.7 6.5

Ours 438 3.56

A leave-one-person-out protocol was used in the MPIIGaze dataset, and a
three-fold cross-person validation protocol was used in the UT-Multiview
dataset.
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