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2739 2674
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75th mTRE 95th mTRE

[ Proposed method

BE18. AN IR E HE I £ T 1T~ 220 H ARBC HE IR 22
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Registration network with transfer learning

Registration network without transfer learning

Term

Femur Patella Tibia Joint * Femur Patella Tibia Joint *
10th mTRE 6.45 6.68 5.52 8.16 5.71 7.49 5.84 7.47
25th mTRE 8.86 8.27 7.07 9.28 10.44 8.50 7.66 9.61
50th mTRE 12.17 10.73 9.09 11.08 16.74 9.61 10.53 12.70
75th mTRE 17.52 15.23 11.58 13.58 21.20 11.34 13.43 14.57
95th mTRE 26.68 27.61 15.99 20.49 27.64 16.16 17.55 18.37
Success rate 0.36 0.42 0.60 0.35 0.24 0.57 0.45 0.28

All values are in millimeters.

* Joint means the final registration result of the whole joint.
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