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R1 et H 0

Model Global parameters Variable name Prior uncertainty Unit
Facies Major variogram range MajorVarioFacies U (500, 3000) m
Ratio of minor to major variogram MinorVarioFacies U (0.3, 1.0) m
Vertical variogram VertiVarioFacies U (2, 10) m
Major variogram direction VarioDirectFacies U (=90, 90) °
Petrophysical properties Major variogram range MajorVarioPoro U (500, 3000) m
Ratio of minor to major variogram MinorVarioPoro U (0.3, 1.0) m
Vertical variogram VertiVarioPoro U (2, 10) m
Major variogram direction VarioDirectPoro U (=90, 90) °
Coefficient of seismic impedance to porosity ColmpedancePoro U (-1,0.5) —
Matrix porosity multiplier MtrxPoroMulti U (0.5, 1.5) —
Fracture density Major variogram range of fracture density MajorVarioFrac U (500,3000) m
Ratio of minor to major variogram of fracture density =~ MinorVarioFrac U (0.3, 1.0) m
Vertical variogram of fracture density VertiVarioFrac U (2, 10) m
Coefficient of seismic anisotropy to fracture density CoSeisAzimuFD U(-1,1) —
Major variogram direction of fracture density VarioDirectFrac U (=90, 90) °
DFN Fracture aperture FracAperture Log-U (-2.2,-1.3) mm
Direction variation of fracture azimuth DirectVariFracAzimu U (=90, 90) °
Fracture length distribution shape FracLengthShape U(@2,3) m
Maximum fracture length MaxFracLength U (100, 200) m
Minimum fracture length MinFracLength U (530) m
Minimum explicit fracture length MinExplicitFracLength U (100, MaxFracLength -10) m
Fracture concentration FracConcentration Log-U (2, 5) —
Fluid Oil-water contact WOC U (-1870, -1890) m
Oil density OilDensity U (920, 960) kg m™
Bubble point pressure BubPointPressure U (80, 120) MPa
Gas-oil contact GOC U (1570, -1400) m
Gas density GasDensity U (0.75, 0.8) kg m™
Rock physics Maximum capillary pressure MaxPc Normal (0.1, 3.0) MPa
Water saturation at Cp =0 SwPc0 U (0.6, Sorw) —
Initial water saturation Swi U (0,0.4) —
Residual oil saturation Sorw U (0,0.3) —
Rock compressibility RockCompressibility U (0.00004, 0.00700) m
Fault property Fault seal/open scenarios FT1/FT2/---/FT46 Binary —

Cp: capillary pressure; U: uniform; GOC: gas-oil contact.
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