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Table 1 Analysis index system of enterprise

financial crisis
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predicting base on rough neural network
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A Method for Financial Crisis Predicting Based On
Rough Neural Network

Liu Bingxiang', Sheng Zhaohan?
(1. Institute of Economic and Management , Southeast University, Nanjing 210018, China;
2. Institute of Management Science and Engineering , Nanjing University, Nanjing 210093, China)

[Abstract] This paper introduces the index system and the grade partition of enterprise financial crisis. The
structure and the fundamental principle of the rough neural network are discussed. The paper designs a method
for enterprise financial crisis predicting based on rough neural network. An example in financial crisis predicting
is given to validate the algorithm. The results show the feasibility and validity of the method. The research
work supplies a basis for further study of applying rough neural network for enterprise financial crisis predicting.

[Key words] financial crisis;index system;rough set;neural network;predicting
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