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Research on An On-line Tracking Self-learning Algorithm

for Fuzzy Basis Function Neural Network

Xu Feiyun, Zhong Binglin, Huang Ren
(School of Mechanical Engineering, Southeast University, Nanjing 210096, China)
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B
[ Abstract |

An on-line tracking self-learning algorithm for fuzzy basis function ( FBF) neural network classi-

fier is proposed in this paper. Based on the previous possibility distribution of the clusters, which is kept within the

sample mean and covariance matrix with forgetting factor,

a strategy for constructing the target output of the new

training sample set is given. With the new sample set the FBF network can be trained to track the variable cluste-

ring boundary. Meanwhile, a recursive algorithm for computing the sample mean and covariance matrix with forget-

ting factor is also proposed to overcome the difficult of storing the vast old training samples. The proposed method is

used for fault recognition of the rotating machinery, and the results show that it is feasible and effective.

[ Key words ]

fuzzy basis function;

self-learning ; fault diagnosis

2007 9 B 11 ¥ 53



