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Funding amount
(billion USD)

Project Timeline

Main objectives

United States  2013-2025  ~4.5
National

Institutes

of Health

BRAIN

Initiative [34]

Korea 2018-2027 >1.2
Korea Brain
Initiative [35]

Europe 20132023  >1
Human Brain

Project (HBP)

[36]

Japan 20142024 >0.3
Brain/MINDS
[37]

Canada 2006—un- >0.24
Brain Canada known
[38]

Australia 20162026  >0.2
Australian

Brain Initia-

tive [39]

Discovering diversity: identify different brain cell types and determine their roles in health and disease
Maps at multiple scales: generate circuit diagrams with varying resolutions from the synapses to the whole
brain

The brain in action: produce a dynamic picture of the functioning brain through large-scale monitoring of
neural activity

Demonstrating causality: link brain activity to behavior with precise interventional tools that change neural
circuit dynamics

Identifying fundamental principles: produce conceptual foundations for understanding mental processes by
developing new theoretical and analytical tools

Advancing human neuroscience: develop innovative technologies to understand the human brain and treat
its disorders, and create and support human brain research networks

From BRAIN Initiative to the brain: apply new technological/conceptual approaches to discover how
neural activity patterns transform into cognitions, emotions, perceptions, and actions

Decipher the brain functions and mechanisms that mediate the integration and control of brain functions
underlying decision-making

Map a functional connectome with searchable, multidimensional, and information-integrated features
Develop novel technologies and neuro-tools for integrated brain mapping

Enable socioeconomic ramifications that not only facilitate global collaboration in the neuroscience
community, but also develop various brain science-related industrial and medical innovations

Develop a scientific infrastructure for brain research and cognitive neuroscience

Gather and disseminate data describing the brain and related diseases

Simulate the brain

Build theories and models of the brain

Develop brain-inspired computing, data analytics, and robots

Use the marmoset, a small primate with a short life cycle, for functional and structural brain mapping and
genetic studies

Develop innovative tools to monitor and manipulate different aspects of neural activity

Establish biomarkers for brain disorders

Understand the brain in health and illness, improve lives, and achieve societal impact

Increase the scale and scope of funding to accelerate the pace of Canadian brain research

Create a collective commitment to brain research across the public, private, and voluntary sectors

Deliver transformative, original, and outstanding research programs

Health: develop new treatments by revealing the mechanisms of brain abnormalities in neuropsychiatric
diseases

Education: help improve brain growth by coding the cognitive functions of neural circuits and brain
networks

New industry: develop new drugs, medical devices, and wearable technologies by promoting the
combination of industrial collaborators and brain research
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