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Table 1 The past years technical economic parameter table of quarry system

s FALH Y25 BAE KT R K B 1 I #E A R EFES
/m (& -BE) ! /kget™! /t*m™! - /kW-het! /teh™! /TCet !

1 28.771 4 0.234 8 71.628 4 2.556 5 2.532 8 243.744 9 9.309 4

S 30.824 8 0.199 2 69.486 7 3.304 7 ‘3.549 4 189.847 6 13.691 7

10 32.761 8 0.199 3 61.500 2 2.899 7 2.836 7 242.010 1 11.567 6

15 40.974 8 0.193 5 71.996 7 3.2038 2.503 5 275.519 6 10.357 8

20 39.3372 0.219 8 54.854 2 3.3037 3.181 8 239.032 7 10.143 6
25 33.545 6 0.216 7 70.151 9 2.7815 2.816 1 210.857 2 10.921 3
30 41.773 7 0.239 4 61.167 8 2.6333 2.630 8 274.945 7 9.139 1
35 38.561 8 0.173 3 62.229 3 3.718 5 2.597 4 258.830 1 9.741 3
40 29.616 1 0.2129 55.589 7 3.4327 3.3322 225.178 8 10.320 2
45 34.3695 0.234 9 58.989 5 3.504 9 3.2242 209.514 8 10.933 6

50 24.715 6 0.226 8 68.645 2 2.250 2 3.340 7 209.951 8 . 9.5399
55 33.6815 0.265 7 60.911 8 2.3013 3.096 5 228.2857 10.862 3
60 33.0132 0.214 5 54.155 5 3.0525 3.122 1 275.8332 11.707
65 31.548 6 0.1912 73.843 3 3.4159 3.310 1 176.357 1 9.792 6
70 33.468 4 0.210 8 56.690 1 2.7233 2.974 3 201.1177 9.188 8
75 25.352 8 0.202 9 57.4351 3.006 4 3.0331 240.933 7 12.022
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Technical and Economic Parameter Optimization Research and
Application for Practice in the Limestone Quarry Based on
Genetic Algorithms-adaptive Network-based Fuzzy Inference System

Yang Shijiao' 2, Dai Jianyong?, Zeng Sheng?
(1. School of Resources and Safety Engineering, The Middle and Southern University,
Changsha 412006, China; 2. School of Architectural Engineering , Resource and Environment ,
Nanhua University, Hengyang, Hunan 421001, China)

[Abstract]  To request for relating law between technical and economic parameter and ore cost for a raw
material quarry of cement, the paper set up technical and economic system model with adaptive network-based
fuzzy inference system, solved solution of the system model with parallel genetic algorithms, and received
optimal technical and economic indices. It provides important reference for production management and
improving economic benefits in quarry.

[Key words ] adaptive network-based fuzzy inference system; parallel genetic algorithms; technical and

economic parameter
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