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Algorithm 1. Program SOM

Initialize weights of neurons J¥;’ with random number [0, 1]
Index of epoch: ¢
Index of input vector in the dataset: m
Do =0 to T (max index of epoch)
Do m =1 to n (max index of input vector)
Find BMU:
WY — argmin | —x |
" =l "
Determine diameter of neighborhood around BMU:
d(t)=d,exp(-t/1) @

Update weights W'/ in BMU and neighborhoods:

W»’x+/1 = Wn',] + hBMU,i,j (xm - Wr:x/) 3)
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End do
End do
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