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M Z. Pawlak £ FIRIK RS (decision sys-
tem, DS) X I MH#HITH A ® S = (U, A,
[V, a) HEREERG. Ho U AR
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W U PER—TE, BUBHES A PHEHK,
FEME—E V, SHXMN, MR A BEHFRHESE
ACHELBHEEAD AR, BWE C UD =
A, CND =¢, MK S ARKRGE., IERRE
BRHERRNESE, BREREEES D REd
—ATER, WBARKRGETURAKERN (U, C
Uitdl. ER-RERSE S = (U, C U {d})
1, BCCRAGRBRHUHERSCH—ITTH, W B
FEU WA BRRATUE R :
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REG. MFLAKE, HIERFRHRERESR
DEK, MATMUERIEASAZREENINET,
AT LA 1R B R SRR R G50 IR R AF B
EAMKBIMXE, XHRHEES CHEARC
M—MEEFEC, FEBRKFE ind (C', {d})
=ind (C, 1{d})o CHFIAMAMESRICHE
red (C),C AT A RMAKKXER N, iB/E Cor
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Table 1 information table
A

U

a b c d e
1 3 0 0 5 0
2 4 0 1 6 1
3 4 1 0 5 0
4 3 2 0 6 1
5 4 2 0 5 1
6 4 0 0 5 0
7 4 2 1 6 1
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Table 2 the decision matrix of attribute value 1

1 3 6

2 (a,4) (c,1) (d,6) (b,0) (c,1) (d,6) (c,1) (d,6)
4 (b,2) (d,6)  (a,3) (b,2) (d,6) (a,3) (b,2) (d,6)
5 (a,4) (b,2) (b,2) (b,2)

(a,4) (b,2)
(c,1) (d,6)

~

(b,2) (c,1) (d,6) (b,2) (c,1) (d,6)
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Table 3 the decision matrix of attribute value 0
) 4 5 7
LRSS eoen GO Sha
3wdﬁf>@a%nwﬁ)m&%m
6 (c. 0)(d, 5) (a, (“:j), (Sb), 0) (b, 0) (b,((()j)’ (Sc). 0)

[ (a, 4) V (¢, 1) V (d, 6)] A
[ (b,0) V (c; 1) V (d, 6)] AL (c, 1)V
(d, )1 A [ (b, 2) V (d, 6)] A [ (a, 3) V
(b, 2) V (d, 6)] A [(a, 3) V (b, 2) V (d,
6)] A [(a, 4) V (b, 2)] A (b, 2) A (b, 2)
AN [(a 4)V (b,2) V (c, 1) V (d, 6)] A
[ (b, 2) V (c; 1) V (d, 6)] A[ (b, 2)V
(c, 1) V (d, 6)] = [ (c, 1) V (d, 6)] A
(b, 2) AN [ (b, 2) V (¢, 1) V (d, 6)] =
[ (c, 1) V (d, 6)] A (b, 2)o
XH, B1BREAWERER: ifc =1,d =6
then e =1 elseif & =2 thene =1
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Fuzzy neural network structure

Fig.1
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p= exp(— [——in 0{}_11“] ), (4)
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Fig.2 Fuzzy neural control system structure
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Fig. 3 Output response of simulated system

with the different control strategies
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Definition and Verification of Shape Meter Method

Zhang Jinzhi! ,Duan Chunhua!,Zhu ] ianqin2
(1. Central Iron & Steel Research Institute , Beijing 100081, China ;
2. Baoshan Steel & Iron Co.Ltd.,Shanghai 201900, China)

[Abstract] Shape survey and control mathematics model, analytical theory for shape stiffness and the shape and
gauge coordination control law are called shape meter method. In this paper, two experimental methods had been
adopted to verify the correctness and practicality of the shape meter method:one is to roll aluminum plate and
calculate the shape stiffness of mill and rolled piece, then survey aluminum plate crown to verify shape stiffness e-
quation;the other is to calculate survey data off-line of hot continuous roll,and verify the shape survey and con-
trol mathematics model by self-adaptation method.

[Key words] shape meter method; shape stiffness equation;survey and control mathematics model; follow-up

calculation ; self-adaptation

(cont. from p.46)

A Fuzzy Neural Network Based on
Rough Sets and Its Applications to Chemical Fiber Production
Chen Shuangye, Yi Jikai

(Electronic Information & Control Engineering College, Beijing Polytechnic
University, Beijing 100022, China)

[Abstract] A fuzzy neural network based on rough sets is presented in this paper. First, a set of rough rules
are found from the given training data by using rough sets theory, then the structure and model are designed ac-
cording these rules, and then the model is trained by neural network technique. The experiments that simulate

the control process of side-wind for chemical fiber are carried out. The results proved its efficiency and feasibili-

ty.
[Key words] rough sets; fuzzy logic; neural network; rules extracted
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