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Table 1 Predictions of four methods compared to the experimental data
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Fig.6 Correlation of neural network prediction of

residual strength compared to the experimental data
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Prediction model for residual strength of stiffened panels with

multiple site damage based on artificial neural network

1 . 2 1
Yang Maosheng , Chen Yueliang” , Yu Dazhao
(1. Postgraduate Team of Naval Aeronautical Engineering Academy, Yantai, Shandong 264001, China;

2. Naval Aeronautical Engineering Academy, Qingdao Branch, Qingdao, Shandong 266041, China)

[ Abstract |

A prediction model for residual strength of stiffened panels with multiple site damage based on ar—

tificial neural network (ANN) is developed, and the results obtained from the trained BP model are compared to the

analytical and experimental data available in the literature. The results obtained indicate that the neural network mod—

el predictions are in the best agreement with the experimental data than any other methods, and the modified linkup

models predict better than the linkup model proposed by Swift. In the end several simulations are carried out to pre—

dict the trends with varying input parameters. The results show that the residual strength decreases linearly as the

half-erack length of lead crack increases and increases linearly as the ligament length increases for both kinds of stiff—

ened panels, but the one-bay stiffened panels are more sensitive to the change than the two-bay stiffened panels.
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