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support minfreq
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= minfreq

1. Initialize level d: =1}

2. Initialize the set of candidate queries C, : =key;

3. Initialize the set of frequent queries F: =@ ;

4. While C, not empty

5. for each Q e C,

6. Count frq (Q,D,n);

7. if frq( Q,D,n) =minfreq then
8. F.=FUQ;

9. Ciii =Ci, i UGEN(Q)

10. end if

11. d:=d+1;
12. Return F';
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Table 1 The specification of mutagenesis dataset

Relation name # tuples # attributes
Molecule 188 5
Atom 4 893 4
Molecule — Atom 4 893 2
Bond 5 244 3

52 HETIERZE

% 2 Saccharomyces Cerevisiae #{#% &=} B
Table 2 The specification of saccharomyces

cerevisiae dataset

Relation name # tuples # attributes
Gene 4 053 4
Hasfunction 12 839 2
Funcat 1 307 7
Homology 1 044 816 3
Eval 3618 919 3
Swissprot 46 163 4
Databaseref 196 535 2
Keyword 14 270 2
Class 3105 2
Secondar 384 165 4
Ssea 8211 378 4
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Semantically condensed multi-relational frequent pattern

discovery based on conjunctive query containment

Yang Bingru, Zhang Wei, Qian Rong
(School of Information Engineering ,University of Science and Technology Beijing , Beijing 100083 , China )

[ Abstract |

Multi—relational data mining is one of rapidly developing subfields of data mining. Multiwela—

tional frequent pattern discovery approaches directly look for frequent patterns that involve multiple relations from a

relational database. While the state-of-the-art of multi—relational frequent pattern discovery approaches is based on

the inductive logical programming techniques, we propose an approach to semantically condensed multi—relational

frequent pattern discovery based on conjunctive query containment in terms of the theory and technique of relational

database. With the novelty of the groundwork, the proposed approach deals with two kinds of semantically redun—

dant problems. In theory and experiments, it shows that our approach improve the understandability , function, effi-

ciency and scalability of the state-of-the-art of multi—relational frequent pattern discovery approaches.
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